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Abstract

The global mental health crisis, exacerbated by factors such as the COVID-19 pandemic, socioeconomic pressures, and increasing
awareness, has starkly revealed the limitations of traditional care delivery models. Persistent barriers include a critical shortage
of mental health professionals, geographic and economic inequities in access, stigma, and the one-size-fits-all nature of many
therapeutic interventions. In this context, Artificial Intelligence (Al) has emerged as a transformative force with the potential
to augment, scale, and personalize mental healthcare. This 4000-word review paper synthesizes current evidence on the
application of Al in mental health support and therapy. We categorize Al applications into three primary domains: (1) Detection,
Screening, and Risk Stratification, utilizing data from wearables, speech patterns, social media, and electronic health records
for early identification; (2) Intervention and Support, encompassing Al-guided digital therapeutics (e.g., Cognitive Behavioral
Therapy chatbots), virtual reality exposure therapy, and Al-augmented clinical decision support for therapists; and (3) Progress
Monitoring and Personalization, employing ecological momentary assessment and predictive analytics to tailor treatment. The
paper critically examines the empirical evidence for efficacy, highlighting promising results for conditions like depression and
anxiety, particularly in guided or blended formats. Crucially, it dedicates significant analysis to the profound ethical, clinical,
and practical challenges inherent in this field, including algorithmic bias and health inequities, data privacy and security, the
"black box" problem and clinician accountability, the risk of over-reliance on technology, and the need for robust regulatory
frameworks. We conclude that Al is not a replacement for human clinicians but a powerful tool to create a more accessible,
proactive, and personalized mental health ecosystem. Its successful integration hinges on a human-centered, ethically-grounded
approach that prioritizes equity, transparency, and the irreplaceable therapeutic alliance.

Keywords: Artificial Intelligence, Mental Health, Digital Therapeutics, Chatbots, Predictive Analytics, Teletherapy,
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1. Introduction at times, its personalization. The field is thus at an inflection

The global burden of mental illness is immense and growing.
According to the World Health Organization, nearly one
billion people were living with a mental disorder in 2019,
with anxiety and depressive disorders seeing a dramatic rise
post-COVID-19 [1]. The human cost is compounded by a vast
treatment gap; in many countries, over 75% of people with
mental disorders receive no care at all [2]. This gap is driven
by a complex interplay of systemic failures: a dire shortage
of psychiatrists, psychologists, and psychiatric nurses;
prohibitive costs and inadequate insurance coverage;
the pervasive stigma that discourages help-seeking; and
geographical maldistribution of services that leaves rural
and underserved communities isolated.

Traditional face-to-face therapy, while the gold standard for
many conditions, is inherently limited in its scalability and,

point, actively seeking innovative solutions to democratize
access and improve outcomes. Concurrently, we are
witnessing an unprecedented explosion in digital data—from
smartphone usage and social media activity to biometric
data from wearables and clinical notes in electronic health
records (EHRs). This data deluge, combined with advances
in computational power and algorithmic sophistication, has
catalyzed the emergence of Artificial Intelligence (Al) as a
pivotal tool in 21st-century healthcare.

In mental health, Al offers a paradigm shift from reactive,
clinic-centric care to proactive, continuous, and person-
centered support. It promises to: a) Extend the reach of
care by providing 24/7 support tools that bypass traditional
barriers. b) Augment the capabilities of clinicians by
handling routine tasks, identifying subtle risk patterns, and
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providing data-driven insights. c) Personalize interventions
by tailoring therapeutic content and timing to an individual's
unique symptoms, context, and response patterns. d)
Democratize knowledge by making evidence-based
therapeutic techniques more widely accessible.

This review paper aims to provide a comprehensive,
critical synthesis of the current landscape of Al in mental
health support and therapy. It will move beyond techno-
optimism to examine the concrete applications, evaluate the
emerging evidence base for efficacy, and, most importantly,
engage deeply with the formidable ethical, clinical, and
practical challenges that must be navigated to ensure these
technologies are developed and deployed responsibly,
equitably, and effectively.

1.1. Purpose of Research

The purpose of this paper is to discuss the concept of Al in
mental health care, its applications and effectiveness, and the
implications for business management. This review seeks
to consolidate the existing practices of Al in mental health,
covering the identification of mental health disorders as
well as monitoring and treatment. It also aims to provide an
overview of the current advancements in Al-enabled mental
health care and the potential ethical, social, and technical
issues.

Consequently, this review holds significance for numerous
reasons. It first provides a summary of the assessment
of current Al solutions utilized in modern mental health
systems, detailing accomplishments and identifying areas
that still need progress. Additionally, it highlights the
importance of evaluating the impact of Al on mental health
regarding ethical, social, and legal implications. Ultimately,
it is anticipated that this review will promote dialogue
regarding the future of mental health care wellbeing,
particularly by providing valuable insights that policymakers,
researchers, and mental health practitioners can utilize for
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the management and implementation of Al technologies in
supporting mental health care wellbeing

2. Data collection and Methodology

This review article utilized a systematic method to combine
professional and scientific literature as its main research
approach. A thorough literature review was performed using
academic databases such as Google Scholar, PubMed, Scopus,
and Web of Science. This article sought to gather literature
and evaluate existing insights regarding the application of
artificial intelligence (chatbots), emphasizing writings that
address ethical, clinical, technical, or psychosocial impacts
from 2014 to 2025 that investigate Al (especially chatbots)
within mental health.

The criteria for inclusion involved studies that focused on the
use of artificial intelligence (Al) within the realm of mental
health. Articles that examine chatbots and large language
models (LLMs) within psychiatry and psychotherapy. Papers
disseminated in academic and professional publications.
Publications from the previous decade to encompass the
most recent technologies and methods. Studies focused on
ethical considerations, effectiveness, safety, or the influence
of Al technologies in mental health. Studies were excluded if
they concentrated only on physical health (e.g., cardiology,
oncology) without any relation to mental health. Documents
that lack empirical data (e.g., opinions, observations, essays
without scientific grounding). Research that examines
Al from a technical perspective (algorithms, computing
architectures).

3. Discussion

3.1. Al Applications in Mental Health: A Tripartite
Framework

Al's role in mental healthcare can be conceptualized across a
continuum of care: from identification and risk assessment,
through active intervention, to ongoing monitoring and
optimization.

Fusion

Stress Level

Source: Ali, M., Alj, S., Abbas, Q., Abbas, Z., & Lee, S. W. [3].
Figure 1: Shows Mental Health Al Integration Combines Multiple Data Types to Create a Complete Understanding of

a Person’s Mental State
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3.2. Detection, Screening, and Risk Stratification

Early and accurate identification is the critical first step in
effective mental healthcare. Al excels at pattern recognition
in multimodal data streams, offering tools for passive and
active screening.

« Digital Phenotyping and Wearable Data: "Digital
phenotyping" refers to the moment-by-quarter quantification
of the individual-level human phenotype using data from
personal digital devices [4]. Al algorithms analyze data from
smartphone sensors (GPS, accelerometer, call/text logs, app
usage) and wearables (heart rate variability, sleep patterns,
electrodermal activity) to infer behavioral and physiological
correlates of mental states. For instance, reduced geographic
mobility, social communication, and disrupted sleep-
circadian rhythms can be predictive of depressive episodes
[5]. Machine learning models have shown promise in
predicting symptom changes in bipolar disorder and
schizophrenia based on such passive data.

¢ Analysis of Speech and Language Patterns: Vocal
acoustics (prosody, pitch, speech rate) and linguistic
content (word choice, semantic coherence, sentiment) are
rich sources of diagnostic information. Al-powered voice
analysis tools can detect subtle markers associated with
depression (e.g., flattened affect, slower speech), anxiety,
and even prodromal psychosis. Research by Cummins et
al. has demonstrated the feasibility of using spectral and
prosodic features to classify depression with significant
accuracy [6]. Similarly, natural language processing (NLP) of
speech transcripts or written text (e.g., in therapy sessions or
diaries) can identify cognitive distortions, emotional valence,
and narrative structures indicative of specific conditions.

¢ Social Media and Online Behavior Monitoring: The
language and imagery people share on platforms like Twitter,
Facebook, and Reddit offer a real-time, naturalistic window
into their psychological state. NLP and computer vision
algorithms can scan for expressions of suicidal ideation,
cyberbullying, loneliness, or eating disorder-related content.
While powerful for public health surveillance and directing
crisis resources (e.g., Facebook's suicide prevention
algorithms), this application raises acute privacy and ethical
concerns regarding consent and surveillance [7].

« EHR Data Mining for Comorbidity and Risk Prediction:
Al can sift through vast, unstructured EHR data—clinical
notes, prescription history, lab results—to identify patients
at high risk for mental health crises, suicide, or hospital
readmission. Models can uncover complex interactions
between physical health conditions (e.g, chronic pain,
diabetes) and mental health outcomes, enabling proactive,
integrated care.

3.3. Intervention and Support

This domain involves the direct use of Al to deliver or
enhance therapeutic content and support.

¢ Al-Guided Digital Therapeutics and Chatbots: These are
software applications that deliver structured, evidence-based
therapeutic interventions, primarily based on Cognitive
Behavioral Therapy (CBT), Acceptance and Commitment
Therapy (ACT), and mindfulness principles. They range
from fully automated conversational agents (chatbots) to

interactive multimedia programs.

¢ Chatbots: Examples include Woebot (a CBT-based chatbot
for depression and anxiety), Wysa (an Al-enabled "penguin”
coach for stress and mood), and Tess (a psychological Al for
psycho-education and counseling). These systems use NLP
to engage users in therapeutic dialogues, teach skills, and
provide empathetic reflections. A randomized controlled
trial (RCT) by Fitzpatrick et al. found that young adults using
Woebot for two weeks experienced significant reductions
in depression symptoms compared to an information-only
control group [8].

« Interactive Programs: Apps like Sleepio (for insomnia
using digital CBT) and Deprexis (for depression) use
algorithms to personalize the therapeutic journey based
on user input, though they may rely less on open-ended
conversation.

¢ Virtual Reality (VR) and Al for Exposure Therapy: VR
creates controlled, immersive environments for exposure
therapy, highly effective for PTSD, phobias, and anxiety
disorders. Al enhances this by dynamically adapting the VR
scenario in real-time based on the patient's physiological
response (e.g., heart rate) and self-reported distress,
ensuring the exposure is optimally calibrated—a concept
known as "closed-loop" therapy [9].

¢ Al as a Clinical Decision Support Tool for Therapists:
Here, Al acts as a co-pilot for the human clinician. It can
analyze recordings or transcripts of therapy sessions
(with informed consent) to provide feedback on fidelity
to a specific treatment model (e.g, CBT), measure the
therapeutic alliance, track the frequency of specific topics
or emotions, and even flag moments of high risk (e.g.,
expressions of suicidal intent). Tools like Lyssn.io use Al
to evaluate motivational interviewing fidelity, providing
objective metrics for therapist training and supervision [10].

3.4. Progress Monitoring and Personalization

Al enables a shift from episodic, snapshot assessments to
continuous, dynamic monitoring.

¢ Ecological Momentary Assessment (EMA) and
Predictive Analytics: EMA involves brief, repeated
surveys sent to a patient's smartphone to capture real-
time symptoms, moods, and contexts. Al models analyze
this longitudinal data stream to identify personalized
triggers and early-warning signs of symptom exacerbation.
For example, an algorithm might learn that for a specific
individual, a combination of poor sleep, high work stress,
and reduced social contact predicts a significant dip in mood
two days later, enabling just-in-time interventions.

e Adaptive and Just-in-Time Adaptive Interventions
(JITAIs): Building on predictive analytics, JITAls are
treatment systems that dynamically decide when to deliver
an intervention, what type of intervention to deliver (e.g.,
a mindfulness exercise vs. a behavioral activation prompt),
and how to deliver it, based on the user's current state and
context [11]. This represents the pinnacle of personalized
digital medicine, moving away from static, linear therapy
programs.
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Application

Description

Examples/Technologies

Therapeutic Chatbots

provide CBT-based therapy and round-
the-clock assistance, closing access
gaps in underprivileged regions.
pmec.ncbi.nlm.nih

Woebot, Wysa, Chat

Predictive Analytics & Early Detection

Analyze information from wearables,
social platforms, and biometrics
to forecast risks such as suicide or
schizophrenia
pmc.ncbi.nlm.nih

Machine learning on behavioral
patterns, stress monitoring via
smartwatches.

Personalized Treatment

Customize treatments based on
patient history, mood information,
and genomic data for personalized

interventions.
pmc.ncbi.nlm.nih

Al-driven remote therapy, treatment
response prediction.

VR and Expression Recognition

Create controlled settings for phobias/
PTSD or identify emotional distress
through facial and voice analysis
abhasa

VR therapy for anxiety, real-time
emotional monitoring.

Triage and Monitoring

Focus on urgent cases, monitor
compliance, and encourage therapy
participation.
pmec.ncbi.nlm.nih

Al in online platforms for dropout
prediction and workflow optimization.

Source: Author’s made.

Table 1: Shows Al Improves Mental Health Care by Enhancing Diagnostics, Treatment Delivery, Accessibility, and
Monitoring Via Technologies Such as Chatbots, Predictive Analytics, and Wearable Devices

3.6. Evaluation of Efficacy and Effectiveness
The evidence base for Al in mental health is promising but

nascent, characterized by a mix of positive pilot studies, a

Symptom

Accessibility
and
Engagement

growing number of RCTs, and a need for more long-term,
real-world effectiveness research.

Blended

Reduction

Careas a
Gold

Standard:

Limitations
of Current
Evidence

Source: Author’s made.

Figure 2: It Applies Al Technologies to Improve Decision-Making, Personalize Care, and Strengthen Patient Interaction
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¢ Symptom Reduction: Meta-analyses and systematic
reviews generally indicate small-to-moderate positive
effects of Al-guided interventions, particularly for symptoms
of depression and anxiety. A meta-analysis by Vaidyam et al.
concluded that conversational agents showed potential in
reducing these symptoms, though they noted heterogeneity
in study quality. The effects often appear comparable to
other forms of low-intensity psychological support, such as
bibliotherapy [12].

¢ Accessibility and Engagement: A clear strength is the
ability to engage individuals who would otherwise not seek
help due to stigma, convenience, or cost. These tools are
available 24/7, providing support during moments of crisis
(e.g., alate-night anxiety attack). However, "digital divides" in
access to smartphones, reliable internet, and digital literacy
can limit this benefit for marginalized populations.

« Blended Care as a Gold Standard: The most compelling
evidence supports a blended care model, where Al tools
are integrated with and overseen by human clinicians. In
this model, the chatbot or app handles psychoeducation,
skill practice, and mood tracking, freeing up therapist time

Technical
Challenges

Ethical and
Priv ~y
Ch s

Clinical and
Professional
Challenges

for higher-order tasks like exploring deep-seated patterns,
relational issues, and complex trauma. Studies suggest
blended care can improve outcomes and efficiency compared
to face-to-face therapy alone [13].

e Limitations of Current Evidence: Many early studies suffer
from small sample sizes, short durations (often 2-8 weeks),
high attrition rates common to digital health studies, and a
focus on non-clinical or mildly symptomatic populations.
There is less robust evidence for severe mental illnesses (e.g.,
schizophrenia, bipolar disorder), where human oversight is
non-negotiable. Furthermore, most chatbots are based on
CBT, raising questions about their applicability for conditions
best treated with other modalities (e.g., dialectical behavior
therapy for borderline personality disorder).

3.7. Critical Challenges and Ethical Considerations
Although artificial intelligence presents significant
transformative capabilities within the mental health sector,
a multitude of challenges and ethical quandaries necessitate
careful consideration to guarantee a responsible and
efficacious implementation.

Data Quality and Representativeness

Limited Interpretability of AI Models

Difficulty Understanding Emotional and Contextual Nuance

Data Privacy and Security Risks

Algorithmic Bias and Fairness Concerns

Ethical Issues with AI Chatbots

Limited Clinical Validation

Workflow Integration Difficulties
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Social and
Cultural
Challenges

Legal and
Regulatory
Challenges

Risk of Dehumanization in Mental Health Care
Digital Divide and Accessibility Issues

Cultural Differences in Mental Health Expression

Lack of Standardized Regulations
Accountability and Liability Issues

Source: Author’s made.
Figure 3: disadvantages Associated with the Utilization of Artificial Intelligence in Mental Health Care Services

The application of artificial intelligence in the domain of
mental health encounters significant obstacles pertaining
to biased and unrepresentative training datasets, which
may result in erroneous evaluations and exacerbate existing
health disparities. The collection of sensitive mental health
data through digital devices engenders profound concerns
regarding privacy, ownership, and informed consent.
Numerous Al models exhibit a lack of transparency, thereby
obscuring the processes of clinical decision-making and
the assignment of liability. An excessive reliance on Al
technologies may undermine the therapeutic alliance and
foster an unhealthy dependence on conversational agents
such as chatbots. Furthermore, the regulatory frameworks
governing Al and machine learning medical instruments
remain in a nascent stage, thereby creating deficiencies in
validation, oversight, and safety protocols.

3.8. The future of Al in Mental Health

Is notabout autonomous robot therapists, but about creating
intelligent, layered ecosystems of care. We envision:

« A Stepped-Care, Population Health Model: Al tools act as
the first line of low-intensity support, screening populations,
providing universal psychoeducation, and offering guided
self-help. Those who need more are seamlessly triaged to
human-guided digital therapy or traditional face-to-face
care, with Al providing continuous monitoring and support
across all levels.

e Advanced Personalization: Integration of multimodal
data (genomic, biomarker, digital phenotyping, clinical) will
enable truly bespoke treatment planning—predicting not
just diagnosis, but which specific therapy or medication will
work best for a given individual at a specific time.

« Focus on Prevention: By identifying subclinical risk states
through digital biomarkers, Al can power preventative

mental health initiatives, intervening before a full-blown
disorder develops.

3.9. To Realize This Potential Responsibly, We Propose
the Following Recommendations

¢ For Developers and Researchers: Prioritize Fairness,
Accountability, and Transparency (FAT): Principles from
the outset. Conduct rigorous, diverse, longitudinal RCTs.
Develop explainable Al (XAI) techniques suitable for clinical
settings. Engage with clinicians, ethicists, and, crucially,
patients with lived experience throughout the design process
(participatory design).

¢ For Clinicians and Professional Bodies: Engage
proactively with this technology. Develop competencies in
"digital psychiatry/psychology"—the ability to critically
evaluate, recommend, and integrate Al tools into practice.
Update ethical codes and clinical guidelines to address the
unique challenges of Al-augmented care [14].

¢ For Policymakers and Regulators: Accelerate the
development of agile, risk-proportionate regulatory
pathways. Fund independent evaluation of commercial tools.
Establish strong data governance laws that protect mental
health information as a special category. Invest in digital
infrastructure to ensure equitable access.

 For the Public and Patients: Advocate for transparency
from companies about how their data is used. Cultivate
digital literacy to use these tools critically, understanding
their role as supplements, not substitutes, for professional
care when needed.

4. Conclusion

Artificial Intelligence presents a historic opportunity to
reimagine mental healthcare, making it more proactive,
accessible, and personalized. The applications in detection,
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intervention, and monitoring are no longer speculative; they
are being piloted and deployed. The evidence, while early,
suggests significant potential, especially within blended-
care models that leverage the scalability of machines and the
empathy of humans.

However, this path is lined with ethical minefields—from
bias and privacy to accountability and dehumanization. The
technology is not inherently good or bad; its impact will
be determined by the values and safeguards we build into
it. The goal must be augmented intelligence, not artificial
replacement. By fostering interdisciplinary collaboration
among computer scientists, clinicians, ethicists, and patients,
we can steer the development of Al towards a future where
it serves as a powerful force for reducing suffering and
promoting psychological well-being for all, without leaving
the most vulnerable behind. The journey has begun, and it
must be navigated with both optimism and profound caution.

References

1. World Health Organization. (2022). World mental health
report: Transforming mental health for all. World Health
Organization.

2. Moitra, M., Santomauro, D., Collins, P.Y., Vos, T., Whiteford,
H., Saxena, S., & Ferrari, A. ]. (2022). The global gap in
treatment coverage for major depressive disorder in
84 countries from 2000-2019: A systematic review
and Bayesian meta-regression analysis. PLoS medicine,
19(2),e1003901.

3. Ali, M, Alj, S, Abbas, Q., Abbas, Z,, & Lee, S. W. (2025).
Artificial intelligence for mental health: A narrative
review of applications, challenges, and future directions
indigitalhealth. Digital Health,11,20552076251395548.

4. Torous, ], Kiang, M. V,, Lorme, ]., & Onnela, J. P. (2016).
New tools for new research in psychiatry: a scalable
and customizable platform to empower data driven
smartphone research. JMIR mental health, 3(2), e5165.

5. Saeb, S, Zhang, M,, Karr, C. ], Schueller, S. M., Corden,
M. E.,, Kording, K. P, & Mohr, D. C. (2015). Mobile phone
sensor correlates of depressive symptom severity in
daily-life behavior: an exploratory study. journal of
medical Internet research, 17(7), e4273.

6. Cummins, N., Scherer, S., KrajewsKi, J., Schnieder, S., Epps,

10.

11.

12.

13.

14.

], & Quatieri, T. F. (2015). A review of depression and
suicide risk assessment using speech analysis. Speech
communication, 71, 10-49.

Bucci, S., Schwannauer, M., & Berry, N. (2019). The
digital revolution and its impact on mental health care.
Psychology and Psychotherapy: Theory, Research and
Practice, 92(2),277-297.

Fitzpatrick, K. K., Darcy, A. & Vierhile, M. (2017).
Delivering cognitive behavior therapy to young adults
with symptoms of depression and anxiety using a
fully automated conversational agent (Woebot): a
randomized controlled trial. JMIR mental health, 4(2),
e7785.

Freeman, D., Reeve, S., Robinson, A., Ehlers, A., Clark, D.,
Spanlang, B., & Slater, M. (2017). Virtual reality in the
assessment, understanding, and treatment of mental
health disorders. Psychological medicine, 47(14), 2393-
2400.

Atkins, D. C,, Steyvers, M., Imel, Z. E., & Smyth, P. (2014).
Scaling up the evaluation of psychotherapy: evaluating
motivational interviewing fidelity via statistical text
classification. Implementation Science, 9(1), 49.
Nahum-Shani, I, Smith, S. N,, Spring, B. ]., Collins, L. M,,
Witkiewitz, K., Tewari, A., & Murphy, S. A. (2016). Just-
in-time adaptive interventions (JITAIs) in mobile health:
key components and design principles for ongoing
health behavior support. Annals of behavioral medicine,
1-17.

Vaidyam, A. N., Wisniewski, H., Halamka, J. D., Kashavan,
M. S., & Torous, . B. (2019). Chatbots and conversational
agents in mental health: a review of the psychiatric
landscape. The Canadian Journal of Psychiatry, 64(7),
456-464.

Kenter, R. M., van de Ven, P. M., Cuijpers, P, Koole, G.,
Niamat, S., Gerrits, R. S., ... & van Straten, A. (2015). Costs
and effects of Internet cognitive behavioral treatment
blended with face-to-face treatment: Results from a
naturalistic study. Internet Interventions, 2(1), 77-83.
Obermeyer, Z., Powers, B., Vogeli, C., & Mullainathan, S.
(2019). Dissecting racial bias in an algorithm used to
manage the health of populations. Science, 366(6464),
447-453.

Volume - 4 Issue - 1

Citation: Halder, S. A., Basu, R. (2026). A Comprehensive Review: The Role of Artificial Intelligence in Mental Health Supportand Therapy. ] Ment Health P 7 of 7
age7 o0

Psychiatry Res, 4(1), 1-7.


https://www.wecmelive.com/
https://books.google.com/books?hl=en&lr=&id=lnkOEQAAQBAJ&oi=fnd&pg=PR10&dq=1.%09World+Health+Organization.+(2022).+World+mental+health+report:+transforming+mental+health+for+all.+Geneva:+World+Health+Organization.+&ots=TTk0ZJTu3p&sig=RbWeD6HrPlH4C1f4CLrWLc3ntTc
https://books.google.com/books?hl=en&lr=&id=lnkOEQAAQBAJ&oi=fnd&pg=PR10&dq=1.%09World+Health+Organization.+(2022).+World+mental+health+report:+transforming+mental+health+for+all.+Geneva:+World+Health+Organization.+&ots=TTk0ZJTu3p&sig=RbWeD6HrPlH4C1f4CLrWLc3ntTc
https://books.google.com/books?hl=en&lr=&id=lnkOEQAAQBAJ&oi=fnd&pg=PR10&dq=1.%09World+Health+Organization.+(2022).+World+mental+health+report:+transforming+mental+health+for+all.+Geneva:+World+Health+Organization.+&ots=TTk0ZJTu3p&sig=RbWeD6HrPlH4C1f4CLrWLc3ntTc
https://journals.plos.org/plosmedicine/article/file?id=10.1371/journal.pmed.1003901&type=printable
https://journals.plos.org/plosmedicine/article/file?id=10.1371/journal.pmed.1003901&type=printable
https://journals.plos.org/plosmedicine/article/file?id=10.1371/journal.pmed.1003901&type=printable
https://journals.plos.org/plosmedicine/article/file?id=10.1371/journal.pmed.1003901&type=printable
https://journals.plos.org/plosmedicine/article/file?id=10.1371/journal.pmed.1003901&type=printable
https://journals.plos.org/plosmedicine/article/file?id=10.1371/journal.pmed.1003901&type=printable
https://journals.sagepub.com/doi/pdf/10.1177/20552076251395548
https://journals.sagepub.com/doi/pdf/10.1177/20552076251395548
https://journals.sagepub.com/doi/pdf/10.1177/20552076251395548
https://journals.sagepub.com/doi/pdf/10.1177/20552076251395548
https://mental.jmir.org/2016/2/e16/
https://mental.jmir.org/2016/2/e16/
https://mental.jmir.org/2016/2/e16/
https://mental.jmir.org/2016/2/e16/
https://www.jmir.org/2015/7/e175/36
https://www.jmir.org/2015/7/e175/36
https://www.jmir.org/2015/7/e175/36
https://www.jmir.org/2015/7/e175/36
https://www.jmir.org/2015/7/e175/36
https://www.researchgate.net/profile/Jarek-Krajewski/publication/275060304_A_review_of_depression_and_suicide_risk_assessment_using_speech_analysis/links/5ed4b84a458515294527a068/A-review-of-depression-and-suicide-risk-assessment-using-speech-analysis.pdf
https://www.researchgate.net/profile/Jarek-Krajewski/publication/275060304_A_review_of_depression_and_suicide_risk_assessment_using_speech_analysis/links/5ed4b84a458515294527a068/A-review-of-depression-and-suicide-risk-assessment-using-speech-analysis.pdf
https://www.researchgate.net/profile/Jarek-Krajewski/publication/275060304_A_review_of_depression_and_suicide_risk_assessment_using_speech_analysis/links/5ed4b84a458515294527a068/A-review-of-depression-and-suicide-risk-assessment-using-speech-analysis.pdf
https://www.researchgate.net/profile/Jarek-Krajewski/publication/275060304_A_review_of_depression_and_suicide_risk_assessment_using_speech_analysis/links/5ed4b84a458515294527a068/A-review-of-depression-and-suicide-risk-assessment-using-speech-analysis.pdf
https://www.research.ed.ac.uk/files/82236448/BucciEtalPP2019TheDigitalRevolution.pdf
https://www.research.ed.ac.uk/files/82236448/BucciEtalPP2019TheDigitalRevolution.pdf
https://www.research.ed.ac.uk/files/82236448/BucciEtalPP2019TheDigitalRevolution.pdf
https://www.research.ed.ac.uk/files/82236448/BucciEtalPP2019TheDigitalRevolution.pdf
https://mental.jmir.org/2017/2/e19/Roboter
https://mental.jmir.org/2017/2/e19/Roboter
https://mental.jmir.org/2017/2/e19/Roboter
https://mental.jmir.org/2017/2/e19/Roboter
https://mental.jmir.org/2017/2/e19/Roboter
https://mental.jmir.org/2017/2/e19/Roboter
https://www.cambridge.org/core/services/aop-cambridge-core/content/view/A786FC699B11F6A4BB02B6F99DC20237/S003329171700040Xa.pdf/div-class-title-virtual-reality-in-the-assessment-understanding-and-treatment-of-mental-health-disorders-div.pdf
https://www.cambridge.org/core/services/aop-cambridge-core/content/view/A786FC699B11F6A4BB02B6F99DC20237/S003329171700040Xa.pdf/div-class-title-virtual-reality-in-the-assessment-understanding-and-treatment-of-mental-health-disorders-div.pdf
https://www.cambridge.org/core/services/aop-cambridge-core/content/view/A786FC699B11F6A4BB02B6F99DC20237/S003329171700040Xa.pdf/div-class-title-virtual-reality-in-the-assessment-understanding-and-treatment-of-mental-health-disorders-div.pdf
https://www.cambridge.org/core/services/aop-cambridge-core/content/view/A786FC699B11F6A4BB02B6F99DC20237/S003329171700040Xa.pdf/div-class-title-virtual-reality-in-the-assessment-understanding-and-treatment-of-mental-health-disorders-div.pdf
https://www.cambridge.org/core/services/aop-cambridge-core/content/view/A786FC699B11F6A4BB02B6F99DC20237/S003329171700040Xa.pdf/div-class-title-virtual-reality-in-the-assessment-understanding-and-treatment-of-mental-health-disorders-div.pdf
https://link.springer.com/content/pdf/10.1186/1748-5908-9-49.pdf
https://link.springer.com/content/pdf/10.1186/1748-5908-9-49.pdf
https://link.springer.com/content/pdf/10.1186/1748-5908-9-49.pdf
https://link.springer.com/content/pdf/10.1186/1748-5908-9-49.pdf
https://pmc.ncbi.nlm.nih.gov/articles/PMC5364076/pdf/nihms-818998.pdf
https://pmc.ncbi.nlm.nih.gov/articles/PMC5364076/pdf/nihms-818998.pdf
https://pmc.ncbi.nlm.nih.gov/articles/PMC5364076/pdf/nihms-818998.pdf
https://pmc.ncbi.nlm.nih.gov/articles/PMC5364076/pdf/nihms-818998.pdf
https://pmc.ncbi.nlm.nih.gov/articles/PMC5364076/pdf/nihms-818998.pdf
https://pmc.ncbi.nlm.nih.gov/articles/PMC5364076/pdf/nihms-818998.pdf
https://journals.sagepub.com/doi/pdf/10.1177/0706743719828977
https://journals.sagepub.com/doi/pdf/10.1177/0706743719828977
https://journals.sagepub.com/doi/pdf/10.1177/0706743719828977
https://journals.sagepub.com/doi/pdf/10.1177/0706743719828977
https://journals.sagepub.com/doi/pdf/10.1177/0706743719828977
https://www.sciencedirect.com/science/article/pii/S2214782915000020
https://www.sciencedirect.com/science/article/pii/S2214782915000020
https://www.sciencedirect.com/science/article/pii/S2214782915000020
https://www.sciencedirect.com/science/article/pii/S2214782915000020
https://www.sciencedirect.com/science/article/pii/S2214782915000020
https://www.science.org/doi/pdf/10.1126/science.aax2342
https://www.science.org/doi/pdf/10.1126/science.aax2342
https://www.science.org/doi/pdf/10.1126/science.aax2342
https://www.science.org/doi/pdf/10.1126/science.aax2342

